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ABSTRACT2

A growing body of research has focused on the utility of adaptive intervention models for3
promoting long-term weight loss maintenance; however, evaluation of these interventions often4
requires customized smartphone applications. Building such an app from scratch can be resource-5
intensive. To support a novel clinical trial of an adaptive intervention for weight loss maintenance,6
we developed a companion app, MyTrack+, to pair with a main commercial app, FatSecret7
(FS), leveraging a user-centered design process for rapid prototyping and reducing software8
engineering efforts. MyTrack+ seamlessly integrates data from FS and the BodyTrace smart scale,9
enabling participants to log and self-monitor their health data, while also incorporating customized10
questionnaires and timestamps to enhance data collection for the trial. We iteratively refined the11
app by first developing initial mockups and incorporating feedback from a usability study with12
17 university students. We further improved the app based on an in-the-wild pilot study with 3313
participants in the target population, emphasizing acceptance, simplicity, customization options,14
and dual app usage. Our work highlights the potential of using an iterative human-centered design15
process to build a companion app that complements a commercial app for rapid prototyping,16
reducing costs, and enabling efficient research progress.17

Keywords: mHealth apps, human-centered design, weight management, adaptive interventions, self-monitoring, feedback, visualization,18
behavior change19

1 INTRODUCTION

In recent years, there has been a growing interest in utilizing mobile health (mHealth) applications (apps) to20
support and enhance various aspects of healthcare (1). Obesity remains a substantial public health challenge21
in the United States (2), and extended care programs have proven effective in supporting long-term weight22
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loss maintenance (3, 4). In the weight management arena, researchers have been using smartphone apps that23
allow individuals to track weight and weight-related behaviors (e.g., dietary intake and physical activity)24
to investigate novel adaptive intervention models, such that intervention may be “triggered” by different25
patterns in individual behavior (5, 6, 7). To provide extended-care support at times when individuals are26
at high risk for weight regain, our team has designed and developed an adaptive weight maintenance27
intervention (8). The evaluation of such an intervention often requires development of an instrumented28
app with customized functionalities. However, building an app from scratch can be resource-intensive,29
especially when the main focus is on intervention development and outcomes assessment rather than30
comprehensive app development.31

An alternative approach is to develop a companion app that harnesses the capabilities of the main32
commercial app through its open-source API. The commercially popular weight management app FatSecret33
(9) offers an API (10), logging interfaces, and comprehensive databases for tracking weight-related34
data; however, further instrumenting was needed to meet our specific goals, such as sending customized35
questionnaires. Thus, to support the implementation of our intervention and its evaluation in a randomized36
controlled clinical trial (8), we designed and developed a companion app, which we called the MyTrack+37
app, to pair with the FatSecret app. Our main goal was to create a seamless logging experience for38
participants, ensuring smooth data collection. MyTrack+ integrates data from FatSecret and a BodyTrace39
smart scale (11), enabling participants to log and self-monitor their health data, while also incorporating40
customized questionnaires and timestamps to support our research aims. These ecological momentary41
assessment (12) questionnaires allow us to collect data necessary for implementing our intervention and42
enabling future exploratory studies. As a supplementary objective, we also integrated evidence-based43
behavior change techniques aimed at increasing participants’ motivation, self-efficacy, and app engagement,44
thereby enhancing adherence to their health objectives.45

To ensure the effectiveness and user-friendliness of MyTrack+, we followed an iterative, user-centered46
approach. Initially, we developed app mockups and created a high-fidelity prototype based on expert47
evaluations. Subsequently, we conducted a usability study with 17 university students and refined our app48
based on user feedback and insights from our health experts. Finally, we conducted an in-the-wild pilot49
study with 33 participants from the target population: adults from the general public who had reported50
recent weight loss and who were interested in weight loss maintenance. This pilot study provided valuable51
findings related to acceptability and usability, and we further refined our app based on these findings. This52
approach facilitated rapid prototyping, iterative testing, and refinement of the app, while incorporating53
user feedback and the expertise of health experts in weight loss maintenance. Currently, our app has been54
deployed in an ongoing clinical trial evaluating an adaptive intervention for supporting long-term weight55
loss maintenance (8).56

Our work contributes to the literature by presenting an example of how user-centered design can benefit57
mHealth research. We document the iterative design process of a tailored mHealth app, specifically58
designed for research purposes, and its seamless integration with a commercial app. We discuss the59
implications of our design process, highlighting the potential benefits of leveraging commercial apps60
for rapid prototyping, thereby reducing implementation costs and enabling researchers to make efficient61
progress in their investigations for similar projects.62
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2 RELATED WORK

We present relevant prior work in the areas of (1) the design and use of mHealth apps for health behavior63
change, and (2) the use of user-centered design processes in mHealth apps in general.64

2.1 mHealth Apps for Health Behavior Change65

Smartphone app-based interventions have gained significant attention in recent years (1). Researchers66
(13, 14) have identified the benefit of various behavior change techniques, such as goal setting, self-67
monitoring, feedback, and social support, for improving dietary intake and physical activity within68
app-based interventions. Zhao et al. (13) conducted a literature review of 23 articles that focused on the69
use of mobile phone apps to promote health behavior changes in peer-reviewed journals. The authors70
found that out of the reviewed studies, 17 of them reported statistically significant outcomes indicating a71
positive influence on the desired behavior change. Notably, self-monitoring emerged as the most frequently72
utilized behavior change technique, being employed in 12 of the studies. Dounavi and Tsoumani (14) also73
conducted a systematic literature review with the specific goal of identifying the existing evidence on the74
effectiveness of mobile health technology in promoting weight management behaviors, such as physical75
activity and healthy eating. Out of the 39 analyzed studies, the authors found that high levels of engagement76
with a mobile health app led to satisfactory treatment adherence, resulting in successful weight loss and77
maintenance.78

Nevertheless, there are systematic literature reviews that find only modest evidence in support of the79
effectiveness of mobile apps in improving health behaviors or outcomes (15, 16, 17), in contrast to the80
positive evidence mentioned earlier. Based on a review of 27 studies, Schoeppe et al. (15) stated that multi-81
component interventions seem to be more effective than standalone app interventions and emphasized82
the need for further confirmation through controlled trials. Furthermore, current mHealth apps often83
provide extensive functionalities and complex interfaces, which may not necessarily contribute to their84
effectiveness (18, 19, 20). Lyzwinski et al. (18) conducted a literature review of qualitative studies focused85
on user perspectives and experiences with mHealth for weight loss. From their review of 20 articles, the86
authors identified that the most preferred apps were those that were simple and easy to use. Haggag et al.87
(19) performed an extensive analysis of mHealth app user reviews by extracting and translating over 588
million user reviews for 278 mHealth apps. The authors’ findings revealed that providing users with more89
information or functionalities than necessary can result in user frustration and reduced app usage.90

This background presents an opportunity for developing a minimalist app that only focuses on key91
factors for behavioral change, which we emphasize in our work. Together with trained interventionists and92
behavioral health experts, we are using our app in an ongoing clinical trial to assess adaptive interventions93
aimed at supporting long-term weight loss maintenance.94

2.2 User-Centered Design for mHealth Apps95

Previous research has emphasized the importance of user-centered design1 processes in developing96
effective mHealth apps for various health domains, such as self-management of chronic conditions97
(21, 22), mental health (23), persons living with HIV (24, 25), women in substance use recovery (26), and98
participants with fall risk (27). Schnall et al. (24) conducted formative research, which included focus99
groups, participatory design sessions, and usability evaluations, to guide the development of a health100
management app for individuals living with HIV. Their review of 15 existing apps meeting their inclusion101

1 Also referred to as human-centered design.
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criteria revealed that none of them integrated all the functionalities identified during their formative work,102
pointing to a significant lack of clinically-backed design choices in current mHealth apps. The authors103
further utilized a user-centered model to iteratively develop and refine mock-ups, creating an mHealth104
app tailored for persons living with HIV (25). Their findings demonstrated that a user-centered approach105
offered a deeper understanding of their target users’ specific requirements and facilitated the creation of106
an mHealth app that better aligned with user needs. Additionally, Eaves et al. (26) applied user-centered107
design in developing an mHealth app to support women in substance use recovery. Through an iterative108
design process, the authors showed that users’ feedback helped tailor an mHealth app to maximize usability,109
access, and safety for this at-risk population. Lastly, Hsieh et al. (27) aimed to provide personalized fall110
risk screening for clinical populations, including older adults, individuals with Multiple Sclerosis, and111
wheeled-device users, by utilizing mHealth apps. The authors developed the interface of each app with112
a user-centered design approach through iterative usability testing and semi-structured interviews. The113
authors then tested their apps in real-world settings and demonstrated the effectiveness of their apps in114
measuring fall risk (comparable to clinical assessments) to enhance user safety.115

To develop our minimalist weight management app, we employed a user-centered iterative design process116
to understand users’ mental models, focusing solely on essential features. This approach enabled efficient117
progress in our research investigation and simpler data logging to support our research goals.118

3 DESIGNING MYTRACK+: GOALS AND FEATURES

We present the initial set of design goals and app features, brainstormed in concert with our behavioral119
health expert team members to ensure the MyTrack+ app would meet all the goals of the broader clinical120
trial.121

3.1 Design Goals122

Our main goal was to support the implementation and evaluation of an adaptive weight maintenance123
intervention. Prior work had established that key data points required for such an intervention include124
participants’ self-weighing frequency, self-monitored dietary intake and physical activity, and self-rated125
measures of weight-related variables (e.g., hunger) (28). Our clinical trial (8) serves as a testbed for an126
automated “trigger” algorithm which can detect when participants may be at risk of relapse based on127
their logging or other lapses (29). Thus, our overarching goal was to facilitate data collection during the128
clinical trial by creating a seamless and effortless logging experience for the participants. Additionally, we129
aimed to employ behavior change techniques to support participants in achieving their health objectives.130
By integrating evidence-based strategies, we aimed to enhance motivation, engagement, and self-efficacy,131
supporting sustainable behavior change and promoting successful long-term weight loss maintenance.132
Informed by guidance provided by health experts in long-term weight maintenance and prior work on133
applying behavior change techniques for health behavior change (30), we formulated the following design134
goals for our study.135

Goal 1 (G1): Enhance usability for effortless logging. We aimed to minimize the effort required for136
participants to log their data by designing an intuitive and user-friendly interface that is easily accessible137
and navigable. By reducing the effort needed to log data, participants are more likely to engage with the app138
consistently (14). When the interface is intuitive and user-friendly, it enhances the overall user experience139
and encourages active participation (14).140
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Goal 2 (G2): Deliver necessary instruments. We aimed to deliver research-oriented questionnaires to141
collect data necessary for implementing the adaptive weight intervention and enabling further exploration.142
The ubiquitous nature of mobile devices enables low-effort self-reporting in real-time through ecological143
momentary assessment (EMA) (31). In mHealth apps, EMA measures (e.g., questionnaires assessing an144
individual’s thoughts, feelings, and behaviors and the context in which these occur) are usually delivered145
repeatedly over time, in the natural environment (31). In our case, questionnaires prompt participants to146
self-rate, on 7-point Likert scales, factors that had been hypothesized previously to be associated with147
weight regain (28).148

Goal 3 (G3): Facilitate self-monitoring and provide feedback. In addition to collecting essential149
research data, the previous two goals serve the purpose of facilitating self-monitoring and self-reflection.150
We further aimed to deliver personalized health information to participants in the form of summary graphs,151
providing tailored feedback on their progress. According to Bandura’s social cognitive theory (SCT) (30),152
self-monitoring increases the user’s awareness of their progress and feedback provides an opportunity for153
them to adjust their strategy (30). Self-monitoring refers to a person’s action of keeping a record of details154
related to performance of the target behavior (e.g., logging the duration and intensity of performing certain155
physical activities). Such action is a part of the self-regulatory mechanism that is required for beneficial156
behaviors to be achieved and maintained (30). Moreover, for goals to be effective, summary feedback on157
self-reported details is also crucial. Such feedback provides an opportunity for individuals to adjust the158
level or direction of their effort or to adjust their strategies to match what the goal requires (30). Prior159
work showed that a system that facilitates the user’s self-monitoring and provides feedback can effectively160
increase physical activity (32) and motivate healthy eating (33).161

Goal 4 (G4): Increase motivation and self-efficacy. Our secondary objective was to harness the power162
of behavior change techniques inspired by the principles of goal-setting theory to increase participants’163
motivation and self-efficacy. Locke and Latham’s goal-setting theory (GST) (34) states that having a goal164
is a crucial cognitive determinant of human behavior and performance. According to the GST (34), there is165
a positive, linear relationship between goal difficulty and levels of effort and performance. The authors166
found that effective goals should be challenging enough to induce effort for an individual to be motivated167
but should not be so difficult that they cause repeated failures. Goal setting has been shown to be an168
important factor in supporting behavior change in various health fields (35, 36). Furthermore, Bandura’s169
social cognitive theory (SCT) (30) holds that self-efficacy is a major determining factor for behavior change.170
Self-efficacy is an individual’s belief in their ability to execute a certain behavior in a given situation.171
Repeated successes play a significant role in boosting self-efficacy, as past achievements have a notable172
influence on self-perception (30). Therefore, the keys to accomplishing long-term health behavior changes173
involve setting intermediate goals and making persistent efforts towards their achievement. Individuals can174
enhance their self-efficacy by actively monitoring their own behavior and receiving feedback that highlights175
progress towards goal attainment (34). Previous studies have focused on increasing the user’s self-efficacy176
to motivate health behavior change (37, 38).177

Goal 5 (G5): Promote app engagement and adherence to health objectives. To achieve this goal,178
rooted in behavior change theories (30, 39), we aimed to encourage app engagement and adherence to179
health objectives by incorporating notifications and expert support into our system. The Fogg Behavior180
Model (39) emphasizes the importance of providing triggers to increase app engagement and adherence.181
Prior work has also pointed out that mHealth app notifications can aid in behavioral change through182
increasing user app engagement and adherence to health objectives (40). Additionally, the Supportive183
Accountability model proposed by Mohr et al. (41) argues that human support increases adherence to184

Frontiers 5

Provisional



Chen et al. MyTrack+

Application/Device Data Type Features
MyTrack+ app Questionnaire Summary graphs, Notifications, Goal

setting, Health expert support
FatSecret app Dietary intake, Physical activity Self-logging user interface, Databases

of nutritional and exercise information
BodyTrace smart scale Weight Automatic weight logging

Table 1. Our mHealth system incorporates three main components: (1) our MyTrack+ app, (2) the
FatSecret commercial app, and (3) a BodyTrace smart scale. This system was designed to facilitate the
self-monitoring of health data relevant to weight management, including weight, dietary intake, physical
activity, and weight-related factors (via questionnaires).

electronic health interventions through accountability to a human coach. Social persuasion provided by185
a human coach can also enhance an individual’s self-efficacy, thereby increasing motivation (30). Being186
encouraged to perform certain behavior by others through suggestions can enhance an individual’s belief in187
their capability of successfully executing such behavior (42). Previous studies found that users consider188
consultation and communication with health experts to be a crucial functionality in mHealth apps (43, 24).189

3.2 Initial Design Features190

To achieve our design goals, we considered the following initial design features in MyTrack+.191

Interfaces for logging weight-related behaviors. While this section primarily focuses on designing192
MyTrack+, to achieve G1 and also streamline the software engineering process, we utilized the existing193
features in a well-established commercial app, FatSecret, and a BodyTrace smart scale (Table 1). FatSecret194
provides an interface for logging consumed food and drinks, including portion sizes and nutritional195
information such as calories and macronutrient/micronutrient composition. It also includes features that196
enhance its usability, such as barcode scanning for food items and the “Recently Eaten” and “Most Eaten”197
options, reducing logging efforts. Users can also log exercises with duration and access a comprehensive198
database of physical activities. Additionally, our system incorporates the use of a BodyTrace smart scale199
that utilizes cellular network connectivity to transmit participant weight data to BodyTrace servers. This200
eliminates the need for participants to manually log their weight data, as developers can directly request201
the information from the servers.202

Navigation. Achieving effortless logging (G1) requires an intuitive app with easy navigation. We focused203
on facilitating both cross-app navigation (from MyTrack+ to FatSecret) and within-app navigation (between204
different pages within our app).205

Research-oriented questionnaires. To achieve G2, we utilized MyTrack+ to conduct EMA through206
weekly and end-of-week check-in questionnaires. Questionnaire content was developed by our team of207
health experts, while the software engineering team dedicated their efforts to designing the user interface.208
This feature also supports the achievement of G3 by allowing users to assess their progress through rating209
various factors that were previously hypothesized to be linked to weight regain (28).210

Notifications. To achieve G2, we implemented notifications that appear both outside the app (i.e., push211
notifications) and inside the app (i.e., in-app notifications). These notifications serve as reminders for212
users to reflect on their weekly progress while also accomplishing G5. A survey found that designers use213
notifications as a way to facilitate behavioral change by increasing user engagement with the app and214
promoting adherence to health objectives (44).215
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Overall summary graphs. To achieve G3, we included summaries for calories remaining, physical216
activity, and weight in the form of summary graphs, as providing visual feedback on self-reported data is217
an effective strategy for boosting physical activity levels and promoting healthier eating habits (14). These218
graphs also aid in accomplishing G4, as they enhance self-efficacy by empowering the user to visualize219
and review their past achievements.220

Goal setting and monitoring. To achieve G4, we implemented features that enable users to set their221
goals. We also implemented features that enable the user to track their progress towards intermediate222
sub-goals, contributing to both G3 in providing feedback on self-reported data and G4 by promoting223
self-efficacy through the accomplishment of repeated small successes.224

Expert Support. To achieve G5, we created a support page that facilitates communication between users225
and health experts, as accountability to a human coach has been demonstrated to enhance adherence (41).226
This feature also contributes to G4 by promoting self-efficacy through social encouragement (30).227

4 ITERATIVE DESIGN OF MYTRACK+

Figure 1. Our user-centered design process involving iterative evaluation and incremental refinement of
app prototypes. The elements colored in blue indicate stages where we conducted brainstorming sessions,
evaluations, and/or studies. Specifically, (1) HCI researchers were recruited for internal evaluation, (2)
Computer Science students were recruited for the usability testing, and (3) the target users were recruited
for the pilot study. We engaged our health experts for each of these stages to ensure that the incremental
changes we made were aligned with recommendations from the weight management literature. The
elements colored in white represents the result of the previous element.

To achieve our design goals and determine how to support the features we brainstormed, we followed228
a user-centered approach with iterative evaluation of prototypes and corresponding incremental changes,229
encompassing multiple stages (Fig. 1). The process involved first developing app mockups and designing230
the backend system. We developed the first version of a high-fidelity prototype based on feedback from231
health experts in our team and through internal pilot tests with our human-computer interaction (HCI)232
researchers. Subsequently, we conducted a usability study with 17 university students to gain insights into233
ease of use, preferences, and technical issues. We refined our app based on feedback received from users234
and insights provided by our health experts. Finally, we conducted an in-the-wild pilot study involving235
33 participants from the general public, and then further refined our app based on feedback from both236
participants and our health experts.237

Our transdisciplinary team included faculty, staff, and graduate students with expertise in obesity238
treatment, clinical psychology, computer science, and human-computer interaction (HCI). The four-239
member health expert team comprised of a faculty clinical psychologist with 17 years of experience in240
obesity treatment, a registered dietitian with 21 years of research experience, and two Clinical and Health241
Psychology graduate students with training in obesity treatment. The six-member computer science team242
comprised of two faculty members with a combined total of 25 years of research experience in HCI and 15243
years of industrial experience in software engineering, and four graduate students with training in computer244
science and HCI.245
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4.1 Initial Mockups and Backend Design246

We designed the following mockup components based on our design goals and initial features (Fig. 2).247
We provide a detailed explanation of each component in the same order as our initial design features listed248
in Section 3.2.249

(1) Navigation. At the bottom of MyTrack+ (Fig. 2-1), we implemented a navigation panel that includes250
the “Home”, “Diary”, and “Support” tabs. These tabs allow the user to navigate to the Home screen,251
FatSecret, and the Support screen from any screen. We implemented the “Diary” tab to facilitate the252
navigation from MyTrack+ to FatSecret. While we lack control over the implementation of the FatSecret253
app, users can navigate backward using the built-in back navigation feature on both iOS and Android254
devices. We also implemented arrows within in-app notifications and summary graphs to visually indicate255
clickable components.256

(2) Questionnaires. We created a Questionnaire screen (Fig. 2-2) that displays questions developed257
by our health experts. We implemented a 7-point Likert scale slider for each question, allowing users to258
self-rate the weight-related factors. Users can navigate to this screen through in-app notifications (Fig. 2-3).259

(3) Notifications. We designed notifications based on empirically-derived notification design260
recommendations in mHealth apps, including position, aesthetics, and content (44). We placed the in-app261
notification at the top of the Home screen (Fig. 2-3) to ensure that it is prominently visible and does not262
interfere with the main content of the app. We also implemented a transient warning message that appears263
at the bottom of the user’s current screen and disappears after five seconds. This brief message can capture264
the attention of users who may not be actively looking at the top of the home screen or may be engaged in265
a different part of the app’s interface. We included an arrow to indicate that the notification is clickable and266
a “warning” icon to indicate the importance of clicking on the notification. To create an effective visual267
effect, we chose orange as the background color for the in-app notification, leveraging its complementary268
nature to our main color theme of gray blue.269

(4) Summary graphs. Our summary visualization includes graphs for physical activity and weight data270
(Fig. 2-4). Our app displays data summary on a week-to-week basis (Sunday to Saturday), while providing271
the functionality for the user to monitor tracking history of previous weeks. Regarding the type of weekly272
summary graphs, we explored line graphs (Fig. 2-4-1) and bar charts (Fig. 2-4-2). Additionally, for tracking273
physical activity, we explored different units, including total duration in minutes or total burned calories.274

(5) Dietary intake and goal indicators. Our app displays summary graphs for dietary intake (Fig.275
2-5). To display daily calorie goal and the weekly calorie intake, we considered two options: (1) display276
both graphs on the Home screen (Fig. 2-5-1) or (2) display the daily calorie goal on the Home screen277
and link it to a separate screen for daily breakdown and weekly summary (Fig. 2-5-2). For the daily278
calorie goal, we considered a balance equation, a circular progress bar, and a pie chart. For visualizing the279
detailed breakdown of daily and weekly calorie intake, we considered a bar chart and a pie chart, with text280
information displayed below and alongside. Additionally, we designed goal-monitoring features, including281
textual information in a daily summary indicating the calorie goal, total calories consumed, and remaining282
calories. In the weekly graph, a line representing the calorie goal was incorporated.283

(6) Support screen. On the Support screen (Fig. 2-6), the app presents the message: “Fill out the form284
below and a specialist will contact you.” We introduced a “specialist” character to indicate real human285
support, which has been shown to be effective in increasing engagement (40). Since our support is provided286
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Figure 2. The app mockup components. The labels correspond to the descriptions provided in Section
4-1: (1) The navigation panel. (2) The Questionnaire screen. (3) The in-app notification. (4) The summary
graphs for physical activity and weight data with two design options: (4-1) a line graph and (4-2) a bar chart.
(5) The calorie intake summary with two design options: (5-1) display both daily and weekly summaries
on the Home screen and (5-2) display the daily summary on the Home screen and link it to another screen
for weekly summary. (6) The Support screen.

through phone, we designed open text input for the user to input their phone number and indicate their287
preferred call time.288

(7) Backend design. To ensure a seamless data collection process and smooth dual app usage, the289
MyTrack+ app focuses on integrating data from multiple sources: FatSecret and BodyTrace. Specifically,290
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Figure 3. The first high-fidelity prototype. The leftmost screenshot displays the Home screen, with the
components arranged from top to bottom following the same order as in the actual app. The labels’ order
follows our description in Section 4.2: (1) Navigation panel with icons. (2) End-of-week questionnaire.
(3) Shading of the arrows in summary graphs. (4) Physical activity summary graph. (5) Weight summary
graph. (6) Daily calorie goal. (7) Tabs for selecting types of details. (8) Daily dietary intake details. (9)
Weekly dietary intake details. (10) Open text input for topics on the Support screen.

we implemented three backend components for this feature. We integrated the Firestore Database (45)291
into our system for data storage. We built Google Cloud Functions (46) for synchronization between our292
app and FatSecret. Google Cloud runs scheduled Cloud Functions to request data from FatSecret’s server293
using the API they provide. We provided a “Diary” tab in the navigation panel at the bottom of the Home294
screen. This allows the user to navigate from MyTrack+ to FatSecret from any screen. In addition, the295
FatSecret API does not include timestamps for self-monitored weight, caloric intake, or physical activity.296
However, the inclusion of timestamps is crucial for supporting the implementation and evaluation of our297
adaptive weight maintenance intervention, as well as for conducting further exploratory study, such as298
developing novel models to proximally predict weight change and supporting future adaptive intervention299
development. Thus, in our backend system, we appended timestamps to the data collected in FatSecret and300
BodyTrace when requesting data from those applications’ servers.301

4.2 High-Fidelity Prototype 1302

In our iterative process of improving the app to fulfill our design goals, we first sought guidance from303
our team of health experts and performed internal pilot tests with our team of HCI researchers. Based on304
feedback from these experts and researchers, we developed the initial high-fidelity prototype (Fig. 3). We305
detail our iterative improvement process, highlighting our design goals.306

To facilitate effortless logging (G1) through intuitive navigation and user-friendly interfaces, we refined307
navigation and questionnaire components, following suggestions from our HCI researchers who drew308
upon previous studies in the mHealth field (14). We integrated icons into the tabs of the navigation menu,309
providing visual cues for easy navigation (Fig. 3-1). Additionally, we highlighted the keywords within the310
questions in the questionnaires to draw attention (Fig. 3-2), aiming for G2. For example, we emphasized311
the “hungry” keyword using bold text in the question that prompts the participant to rate their hunger:312
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“How hungry were you during the past week?” Lastly, we introduced shading to the arrows in summary313
graphs (Fig. 3-3) to indicate whether the user can navigate and review data from past weeks (G3).314

To enhance self-awareness (G3), boost motivation (G4), and increase engagement (G5), we incorporated315
feedback from our health experts to refine components such as summary graphs, dietary intake detail,316
and the Support screen. For the physical activity summary graph (Fig. 3-4), we used minutes instead of317
“calorie burned” as the unit because our intervention goals are set in minutes, based on guidelines issued318
by both the American College of Sports Medicine (ACSM) (47) and the Centers for Disease Control and319
Prevention (CDC) (48). For the weight summary graph (Fig. 3-5), we selected the line graph because it320
effectively shows the change of weight over time. For dietary intake summary (Fig. 3-6), our app displays321
only the daily calorie goal summary on the Home screen to avoid redundancy. We opted for a balance322
equation format because it was perceived as more easily understandable and preferable at a glance, while a323
circular progress bar received unfavorable feedback. Clicking on the balance equation redirects the user to324
the dietary intake detail screen, which features two tabs at the top (Fig. 3-7). For daily breakdown, based325
on feedback from our health experts, the pie chart was deemed confusing. Thus, we opted for a vertical326
subtraction expression to enhance clarity (Fig. 3-8). This design presents the total calories consumed for327
the day at the top, followed by a breakdown of calories consumed by meals (e.g., breakfast, lunch, dinner,328
snacks) listed below, and concludes with the remaining calories at the bottom. For the weekly dietary329
intake summary, we opted for a bar chart representation, as it effectively emphasizes the line indicating the330
calorie goal (Fig. 3-9). Supplementary numerical values are included below the bar chart, displaying the331
calories consumed and the deviation from the goal (i.e., daily calorie goal - calorie consumed) for each332
day of the week. Lastly, our health experts provided feedback indicating that incorporating an open text333
input for users to express the topics they would like to discuss is beneficial for both the user and the health334
professional (Fig. 3-10).335

4.3 Usability Study336

To iteratively assess and enhance the high-fidelity prototype of the MyTrack+ app, we performed a lab337
usability study involving 17 students majoring in Computer Science from our local university. Our goal338
is to evaluate MyTrack+’s general usability and identify basic bugs and major usability flaws. Although339
Computer Science students were not our main target users, according to Nielsen (49), involving students340
in the domain of interest from a local university in usability testing can still yield valuable feedback. We341
chose to recruit students as convenience samples (50) because (1) they are easier to reach and more readily342
available and (2) they could also be potential users of weight management apps. We listed our study in the343
Computer Science department’s Research Participation System to recruit students enrolled in Computer344
Science classes. We excluded one participant due to missing data. The mean (SD) age of the 16 participants345
was 21.7 (3.3) years and 3 participants (19.8%) were women.346

To address potential limitations in our lab study, which may not reflect real-world stress, and because we347
recruited university students who may not have a weight maintenance goal after weight loss, we used four348
task scenarios in the usability study to evaluate our prototype:349

• Scenario 1 (G1, G3, and G4). We explained the context of use for this app being to help people350
manage their weight after weight loss. Our first scenario asked the participant to explore the Home351
screen with summary information and the dietary intake detail screen with this in mind.352

• Scenario 2 (G5). We described a scenario where the user was having trouble staying on track with353
their weight management program and would like someone to contact them in order to talk about it.354
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Figure 4. New features or changes in the second high-fidelity prototype: (1) The “gear” icon for navigating
to Settings. (2) An input space where the user can set and change their calorie goal. (3) Notification
preferences. (4) In-app notifications. (5) Unanswered question on the Questionnaire screen and radio
buttons. (6) An open-response text box for the hours-of-sleep question. (7) Displaying numerical values
when bars are clicked. (8) The values are calculated based on “consumed − goal”. (9) The term “your
coach” for tailored personification. (10) The “phone” icon for the Support tab.

• Scenario 3 (G2). We described a scenario where the user was experiencing a real-world stress (e.g.,355
promotion at work) that demanded extra hours and attention. Participants were asked to fill out the356
end-of-week questionnaire, which is a part of their weight management program every Sunday. The357
end-of-week questionnaire includes two questions prompting the participant to rate two weight-related358
factors, which are necessary for our adaptive intervention.359

• Scenario 4 (G2). We then asked the participant to fill out the weekly check-in questionnaire, under the360
same circumstance (i.e., experiencing a real-world stress that demanded extra hours and attention). The361
weekly check-in questionnaire includes 12 questions prompting the participant to rate 12 weight-related362
factors, which are also necessary for our adaptive intervention. In our clinical trial, this questionnaire363
is sent on a random day between Monday and Saturday (with participants unaware of the day that the364
questionnaire will be asked).365

We showed the participants the MyTrack+ app and read the description of our scenarios. They were then366
asked to perform tasks in our app and answer questions about the usability of the app while thinking aloud367
(51). They then completed a System Usability Scale (SUS) questionnaire (52) and received extra course368
credit as compensation. Our study protocol was approved by our university’s Institutional Review Board369
(IRB).370

4.4 High-Fidelity Prototype 2371

The average SUS score was 84.53 (min = 60; max = 100; SD = 10.92), surpassing the widely accepted372
SUS score benchmark of 68 (53). Based on feedback from the usability study and our health experts, we373
further refined our app and developed the second high-fidelity prototype (Fig. 4). Throughout this process,374
our main focus remained on achieving established design goals.375

In the usability study, students noted their needs to input or change their calorie goal, mentioning that,376
“I was not sure how to input my target goal.” (P17) and, “It feels like you should be able to click on the377
section headers and get taken to a configuration screen.” (P05). Aligned with our design goal on providing378

Frontiers 12

Provisional



Chen et al. MyTrack+

goal-setting functionality to increase motivation (G4), we implemented a “gear” icon (Fig. 4-1) on the379
Home screen and linked it to the Settings screen (Fig. 4-2). Additionally, researchers have increasingly380
emphasized the importance of flexibility and customizability in mHealth apps to support user autonomy381
(54). Previous studies have found that customizable apps can increase users’ engagement by providing382
a sense of control (55). Together with feedback from our health experts, we implemented options for383
the user to specify their notification preferences (Fig. 4-3), effectively achieving G2 and G5. Based on384
the specified times, in-app notifications appear at the top of Home screen (Fig. 4-4). The notification385
content was decided based on discussions among our HCI researchers and health experts, drawing from386
our expertise and prior work. Our goal was to deliver a motivational message (“How was your day/week?”)387
with a sense of urgency in responding to the questionnaire, employing an assertive tone emphasized by an388
exclamation mark (“Complete a self check-in now!”), following the established recommendation (40).389

Clicking on the in-app notifications redirects the user to a separate Questionnaire screen. Since the390
questions are critical for our research purposes, our app displays a warning if there is more than one391
unanswered question and changes the color of the unanswered question to red (Fig. 4-5). Based on feedback392
from the students, mentioning that, “Sometimes, when I would try to scroll, my finger would accidentally393
move the sliders on the responses.” (P05), which is consistent with the “fat fingers” issue for touchscreen394
gestures (56), we replaced the sliders with radio buttons. We also added an open-response text box to the395
hours-of-sleep question based on feedback from our team of health experts (Fig. 4-6).396

For summary graphs on the Home screen, students expressed difficulty in reading the chart, mentioning397
that, “If I was not paying attention I may not read the chart correctly.” (P03). Our health experts also398
provided similar feedback, which prompted us to implement a feature wherein numerical values are399
displayed when bars or points in the graphs are clicked (Fig. 4-7). This feature aims to facilitate self-400
reflection for increasing self-awareness (G3). For the numerical values on the weekly dietary intake screen401
(Fig. 4-8), we changed the direction of subtraction from “goal − consumed” to “consumed − goal” based402
on feedback from our health experts, stating that negative signs should be used when someone is below403
their goal. Interestingly, students expressed confusion about this particular change, mentioning that, “At404
first sight the negative values seemed a little tricky to me. Only because thinking of something in the405
negative might ignite a feeling of inadequate performance?” (P08). Thus, we implemented visual indicators406
by marking values that exceeded the calorie goal in red, aiming to strike a balance between user preferences407
and health expert suggestions.408

Lastly, students expressed confusion about the purpose of the Support screen, stating that, “[I’m] confused409
if the purpose of Support is supposed to connect you with someone to encourage you to reach your goals410
or if it’s general support for the app overall.” (P09). Our health experts supported this feedback and411
recommended replacing the “support buoy” icon with a “phone” icon (Fig. 4-10). We also changed the412
term “specialist” to “your coach” (Fig. 4-9), aligning with the established recommendation of incorporating413
tailored personification (40).414

4.5 Pilot Study415

To iteratively assess and improve the second high-fidelity prototype of the MyTrack+ app, we conducted416
an in-the-wild pilot study involving 33 target users from our local community who had lost at least 5% of417
body weight during the past two years. We excluded two participants due to missing data. The mean (SD)418
age of the 31 participants was 40.1 (15.6) years and 21 participants (67.7%) were women. The following419
are details of our two-week pilot study procedure (Fig. 5).420
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Figure 5. The procedure of our two-week, in-the-wild pilot study involving 33 target users.

Recruitment. Participants were recruited using flyers, outreach to local employers/businesses, and421
newspaper ads; all such materials were approved by our IRB.422

Orientation and informed consent process. Participants who met initial eligibility criteria as assessed423
via the phone screen were invited to attend an in-person orientation visit. The orientation visit included a424
discussion of the pros/cons of taking part in research and specific details of the current study. Potential425
participants were given the opportunity to privately ask study staff any remaining questions and then, if426
they remained interested, were asked to provide written informed consent.427

Initial visit. Participants who met study eligibility criteria were provided a study smart scale (developed428
by BodyTrace, Inc. (11)). Study team members reviewed the MyTrack+ smartphone application and assisted429
participants with smartphone setup. Participants were asked to use the study smart scale and MyTrack+430
application for the following two weeks before returning for a follow-up feedback visit. Participants431
were asked to weigh themselves each day, first thing in the morning after using the restroom but before432
eating/drinking, in nothing more than light indoor clothing (57).433

Pilot study period. During the two-week study period, participants were asked to (1) use study434
smartphone apps to track weight, caloric intake, and physical activity each day, (2) use smart scale435
to measure weight each day, and (3) complete questionnaires when prompted via study smartphone app.436
MyTrack+ pushed two questionnaires to participants each week: one 12-item questionnaire (Weekly437
MyTrack+ Questionnaire) delivered on a random day each week, ranging from Monday through Saturday438
and one 2-item end-of-week check-in (“End of Week MyTrack+ Questionnaire”).439

App feedback visit. Participants were asked to return two weeks after their initial study visit to complete440
SUS questionnaires and provide feedback regarding the usability/acceptability of the MyTrack+ smartphone441
application. Study staff measured participant weight, and completed a semi-structured interview to assess442
participant perception of usability and acceptability of the MyTrack+ application. Audio recordings443
of the semi-structured interviews were collected to document suggestions for further app development.444
Participants were provided with a $30 honorarium for completing this study visit.445

Our study protocol was approved by our university’s IRB.446

4.6 Final Design447

As the last phase of our iterative design process, we integrated the insights from the pilot study and448
gathered additional input from our health experts. The average SUS score of the second high-fidelity449
prototype was 70.48 (min = 27.5; max = 97.5; SD = 16.89), which remained higher than the typical SUS450
score benchmark of 68 (53). Focusing on our design goals, we continued to refine our app and created the451
final design of the MyTrack+ app (Fig. 6), which is now in use in our ongoing clinical trial.452

For the weight summary graph (Fig. 6-2), our pilot participants expressed the need for more noticeable453
weight changes to enhance their motivation. Suggestions included providing a zoom-in functionality or454
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Figure 6. Main screens of our final design: (1) The upper part of our Home screen and the Settings screen.
(2) The lower part of our Home screen with summary graphs. (3) Daily dietary intake summary. (4) Weekly
dietary intake summary. (5) Questionnaires.

reducing the unit range on the y-axis. To address the issue, we prioritized addressing the main range of455
weight changes while avoiding investing significant engineering effort in handling extreme edge cases.456
This was based on the understanding that in realistic scenarios, significant weight changes do not typically457
occur in a short period of time.458

For dietary intake details (Fig. 6-4), we included tailored feedback based on the total calories consumed,459
as suggested by our health experts. For example, if total calories consumed are too low below the goal,460
the page displays the message, “Based on your total calories consumed, you are likely not eating enough.”461
Notably, nearly all participants expressed concerns regarding the delay in data synchronization between462
MyTrack+ and FatSecret. To address this issue, we modified our Cloud Functions to request data from463
FatSecret’s server whenever the companion app is refreshed, effectively achieving G1.464

5 FINDINGS

We present four general themes identified throughout our design process.465

Personalized preferences. Design preferences for an mHealth app tend to be highly personalized,466
varying from one user to another. Some users preferred the simplicity of MyTrack+, finding it effective467
in presenting relevant information clearly, stating that, “As it [MyTrack+] stands now, while there isn’t468
much on the homepage, it’s easy enough to navigate with a couple taps to any of the other information that469
someone would want to look at. So I think it’s simple enough as it is now too jumbled to put too much470
on the home screen.” (P418). Others, however, felt it lacked features and complexity compared to the471
FatSecret app, stating that, “The goal of [MyTrack+] is to show me that this is how many calories you’ve472
eaten during the day. It doesn’t appeal to me. FatSecret is going to show me my macro breakdown for473
the day.” (P427). Some users suggested adding more functionality to MyTrack+ based on their previous474
experiences with health-related technologies, such as providing detailed nutrition information for specific475
dietary restrictions and incorporating features like BMI tracking and water intake monitoring.476

Effectiveness of behavior change techniques. Users found the process of setting a calorie goal and477
tracking their progress toward that goal to be highly beneficial. They appreciated visual representation of478
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their performance, as it showed variations in calorie intake on different days, motivating them to be more479
mindful of their eating habits. Additionally, users emphasized the positive impact of the daily weight and480
weekly activity tracking features on their self-awareness. They also stated that these features empowered481
them to stay accountable by remembering whether they had achieved their exercise targets, leading to a482
positive impact on their adherence to their health goals. Furthermore, users found the in-app notification483
helpful in reminding them to answer questionnaires, which provided an opportunity for reflecting on484
health-related factors. Notably, some users extended their usage of the app and integrated it as an assistive485
tool in their daily lives. For example, one user made connections between their daily weight changes with486
their menstrual cycle.487

User agency. Many users expressed their desire for control over how data is displayed and their need for488
flexibility to log for previous days. For example, when asked about the weight graph, one user mentioned489
that, “The increments are so minuscule that it looks like I have effectively no progress when I know I have.”490
(P457). They then mentioned, “I did try to see if I could adjust the increments, but I didn’t see a setting for491
that.” (P457).492

Expectations in apps and connected devices. Nearly all users expressed frustration with delays in493
synchronization and inaccuracies in data from different sources. A common practice among many users494
was to immediately verify the accuracy of their recorded weight and ensure that data was correctly synced495
between MyTrack+ and FatSecret after self-weighing or logging data.496

6 DISCUSSION

We discuss the implications derived from user’s mental models and reflect on our design process.497

6.1 Implications Derived from Users’ Mental Models498

Our studies and iterative design process enabled us to not only gather information about the usability of499
the app and make design decisions, but also revealed insights into potential target users’ mental models of500
how mHealth apps like these should work. Our observations highlight the individualized nature of user501
preferences in mHealth app design, emphasizing the fact that there is no one-size-fits-all solution (58).502
This underscores the importance of adopting a user-centered design approach to understand the specific503
needs of the target users. We also observed that our app design has effectively enhanced users’ motivation,504
self-efficacy, self-awareness, app engagement, and adherence to health goals. This echos previous work on505
effectively applying behavior change techniques in mHealth apps to support users’ health goals (13).506

A noteworthy observation is that some participants extended the use of certain features, incorporating507
them as assistive tools in their daily lives. This action of adding flexibility to the use of MyTrack+ indicates508
the need of user autonomy for mHealth apps. In fact, researchers have emphasized the significance of user509
autonomy in mHealth technologies (54). Customizable apps have been shown to enhance user motivation510
and engagement by offering a sense of control (55). For example, systems that allow the user to manually511
add, edit, or delete personal health data can promote self-awareness and accountability (54). Customizable512
apps can also allow users to tailor app content to fit personal preferences and goals. Engaging in such513
customization can enhance user agency and increase the consumption of the customized content (55). As514
mentioned in our findings, participants expressed their desire for control over how data are displayed and515
their need for flexibility to log for previous days.516

In the health IoT domain, interconnected smart devices form a cohesive system that empowers users to517
effortlessly achieve their health goals within their daily living environment. In this context, it becomes518
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especially important to preserve human agency by helping users understand and giving them control over519
their AI-powered devices. This aligns with the primary goal of prioritizing issues of fairness, accountability,520
transparency, and ethics (FATE) for human-AI interaction (59), specifically highlighting the importance521
of providing transparency to enhance users’ trust in AI-powered health applications. Our system design,522
including a companion app, a main commercial app, and a smart scale, resembles interconnected smart523
devices, offering potential applications in the health IoT field. Users’ expectations for a smooth connection524
between the two apps and instant synchronization of data from different sources highlight their needs for a525
seamlessly integrated system. More importantly, trust remains a significant concern for users transitioning526
from traditional devices to smart devices, emphasizing the importance of prioritizing FATE in AI-powered527
mHealth apps.528

While prioritizing users’ specific needs and ensuring human agency in AI-powered apps, it is equally529
crucial to evaluate the cost-effectiveness of additional implementations. Our observation uncovered users’530
legacy bias (60) from their experiences with other mHealth apps, leading them to expect our research-grade531
app to incorporate the comprehensive functionality and aesthetic of a commercial app. Not meeting these532
expectations may impact the app’s usability, but trade-offs were necessary to achieve our main design533
goal: effectively supporting the implementation of our team’s specific adaptive weight intervention and534
prioritizing the progress of our clinical trial aimed at evaluating the intervention’s effectiveness. Constantly535
revisiting the main research purposes of the app and involving domain expertise in the design process are536
essential to balance this trade-off.537

Overall, the implications derived from users’ mental models emphasize the significance of understanding538
target users’ specific needs, applying behavior change theories, providing user autonomy, ensuring seamless539
integration and trust in AI-powered devices, and recognizing users’ legacy bias.540

6.2 Reflection on Our Human-Centered Design Process541

Prior work (61) has demonstrated the effectiveness of including trained and seasoned experts throughout542
the design process of an mHealth app. By incorporating domain experts into the design process, designers543
can tap into specialized knowledge, gain deeper insights into the domain, and create solutions that544
effectively address user needs while also meeting domain-specific requirements. Our findings highlight545
the importance of acknowledging that user preferences may not always align with optimal design choices,546
particularly when target users may not possess the expertise in the specific field that the designer aims547
to contribute to. In our case, user preferences could have been influenced by their prior experiences with548
applications lacking clinical and behavioral health motivation. Therefore, while prioritizing the alignment549
of our design with user needs, we also consulted with our health experts to maintain adherence to the550
current best practices recommended in the weight maintenance field.551

The iterative nature of a human-centered design process facilitated continuous improvement of our app.552
Through incremental small changes, we targeted specific aspects of the app, allowing us to closely identify553
and address user needs, gauge the impact of each update, and make necessary refinements. In our early554
usability study, we worked with students from our local university to gather general usability insights555
and make iterative improvements before progressing to testing with the target users, who are more costly556
and difficult to recruit. We aimed to wait until basic bugs and obvious usability flaws were fixed before557
going to our target user population. Although testing with a target audience is ideal, testing with students558
in the domain of interest (e.g., Computer Science) can still uncover high-level usability issues that are559
common across different user groups and provide valuable insights into the general user experience early560
in the design process (49) Specifically, pilot study participants appreciated the in-app notifications, the561

Frontiers 17

Provisional



Chen et al. MyTrack+

ability to access detailed information by clicking on the graphs, and the numerical data highlighting calorie562
differences.563

It is important to note that this convenience sampling approach involves challenges to generalizability.564
It can be prone to high sampling bias and hence reduce representativeness (50). Specifically, since our565
major goal is to enable efficient research progress, we adopted Nielsen’s concept of discount usability566
engineering (49) by creating real-world scenarios, instead of conducting an in-the-wild testing. However, a567
laboratory-based study may still not fully replicate real-world stress. Furthermore, when compared to our568
target user group, the students we recruited were younger and were not necessarily aiming to maintain569
their weight after a certain amount of weight loss. These differences in demographics and objectives could570
potentially introduce biases. As Nielsen (49) pointed out, when testing with students, researchers should571
consider whether the system is also intended to be used by older users. Also, prior work has indicated572
that when mHealth services are perceived as personalized, younger consumers tend to be more receptive573
to adopting them (62). This highlights the importance of continuously reassessing our design goals and574
critically evaluating whether specific features align with our objectives. We mitigated potential biases in our575
design process by engaging health experts to conduct heuristic evaluations that follow recommendations576
from the weight management literature for each incremental refinement.577

Overall, the reflection on our human-centered design process emphasizes the importance of involving578
domain experts throughout the design process because user preferences may not always align with optimal579
design choices. We also highlight the value of working with a non-target population, which is less difficult580
to recruit, in the early design phase to address obvious issues, while considering potential biases stemming581
from contrasting preferences between user groups.582

7 LIMITATIONS AND FUTURE WORK

There are several limitations to our work. First, as mentioned previously, we recruited local university583
students instead of the target user group for the initial usability stage. While this decision had advantages584
(rapidly advancing the design process), it also carried the risk of falling to a local optimum without feedback585
from target users. To mitigate this risk, we employed mental walkthroughs of target scenarios during the586
usability study and actively engaged health experts in the decision-making process for refining our design.587
Future work can consider involving target users at earlier stages to better tailor designs to their needs.588

Second, it is important to note that we did not perform a comprehensive analysis of the conversations589
in our semi-structured interviews and measures of usability from questionnaire responses. However, the590
focus of our work was to effectively utilize an iterative human-centered design process to implement591
a companion app that supports the implementation and evaluation of our adaptive weight maintenance592
intervention, rather than developing a comprehensive mHealth system for weight maintenance for all cases.593
Thus, we decided to prioritize the advancement of our clinical trial for evaluating the adaptive weight594
intervention. Future work can conduct a comprehensive analysis of the conversations in our semi-structured595
interviews and incorporate measures of usability from questionnaire responses to establish generalizable596
design guidelines on weight management app implementation, specifically for dual app use cases.597

8 CONCLUSION

This paper presents the results of a user-centered design process with iterative evaluation and incremental598
refinements of prototypes to develop a companion app for supporting a weight loss and weight maintenance599
clinical trial. Our process included initial design brainstorming with our team of HCI and health experts,600
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a basic usability study with 17 university students, and a 2-week pilot deployment with 33 target users.601
Overall, our project aimed to accelerate the implementation of our clinical trial on adaptive weight602
maintenance interventions by leveraging existing commercial apps and developing a secondary app to meet603
our specific research requirements, such as instrumentation needed to collect relevant data. Our primary604
focus was on facilitating effortless activity, food, and weight logging by the target users. We have also605
explored strategies to enhance motivation, self-efficacy, self-awareness, app engagement, and adherence606
to health goals, drawing upon behavior change theory as a guiding framework. We demonstrated the607
effectiveness of utilizing an iterative human-centered design process to implement a companion app for608
supporting the implementation and evaluation of our adaptive weight maintenance intervention.609

ACKNOWLEDGMENTS

This work was supported by the National Institute of Diabetes and Digestive and Kidney Diseases of the610
National Institutes of Health Grant under award #R01DK119244. The content is solely the responsibility611
of the authors and does not necessarily represent the official views of the National Institutes of Health.612

REFERENCES

1 .Laranjo L, Ding D, Heleno B, Kocaballi B, Quiroz JC, Tong HL, et al. Do smartphone613
applications and activity trackers increase physical activity in adults? Systematic review, meta-614
analysis and metaregression. British Journal of Sports Medicine 55 (2021) 422–432. doi:10.1136/615
bjsports-2020-102892.616

2 .Hales CM, Carroll MD, Fryar CD, Ogden CL. Prevalence of Obesity and Severe Obesity Among617
Adults: United States, 2017-2018. NCHS Data Brief (2020) 1–8.618

3 .Ross Middleton KM, Patidar SM, Perri MG. The impact of extended care on the long-term maintenance619
of weight loss: A systematic review and meta-analysis. Obesity Reviews 13 (2012) 509–517. doi:10.620
1111/j.1467-789X.2011.00972.x.621
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